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Magento-Extension for 

personalized Recommendations

ÅSell more products and digital media online

ÅIncrease your advertising revenue

ÅLower costs for service and support

ÅEnhance usability of your website

ÅEstablish new online business models



Expectations have been created by Amazon.com
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All major Online Shops invest heavily in recommendation
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é and learn about the best usage scenarios
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Introduce Recommendation ïIncrease Revenue
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Introduce Recommendation Significant Sales Growth*

* Source: Schematic Drawing based on Customer Experience 

(real Customer data are confidential)

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15

Week after Go-live

Sales Units through Recommendation

Best Project Result

Best Project Management
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We challenge established players in the market for professional 

online recommendations and open the high-quality 

recommendation market for small and medium size online shops.



Recommender Engine Principles

7

© YOOCHOOSE GmbH



Available algorithms

ÅStatistical recommendations on start page

ÅBestsellers

ÅMost frequently read

ÅBest-rated

ÅSimilar items on detail pages

ÅSimilar items in terms of meta-data 
(content-based)

ÅUsers with the same interests as you were 
also interested in é.

ÅCollaborative filtering in terms of purchase, 
click, download or rating events

ÅPersonalized recommendation on start 
page

ÅItems similar to those you saw over the past 
few days

ÅYou may like this

ÅCombination of methods depending on profile 
accuracy and placement
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Combine various methods in different places in order to optimally serve the user.

Prerequisite for the use of recommendations Examples

Product information (meta-data)

Not available Available
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collaborative approach

ÅPersonalized
stererotype approach

Hybrid filtering

Combination of different 
algorithms
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ÅStatistical approach
(bestseller, popular)

ÅCollaborative approach
(e.g. purchase history)

ÅEditorial
recommendation

ÅContent-based
(similarities in meta-data)

ÅSimple stereotypes 
(affinity to similar product
clusters)



Typical Usage Scenarios

Filters and recommendations are delivered individually per use case or channel. 
We call this "Scenarios".

Typical Scenarios (not limited)
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Landing page

Product page

scenario ID: 000a

scenario ID: 000b

ÅPopularity based

Åe.g. ñtop sellerò

ÅFreqency filter

ÅCollaborative

Åe.g. ñalso boughtò

Åñalready ownsò filter

Newsletter

Notifications

scenario ID: 000c

scenario ID: 000d

ÅPersonalized

ÅEditorial mix

ÅNew articles only

ÅMixed

ÅCategory filter

ÅLong-tail push

Mobile Phone

iPad App

scenario ID: 000e

scenario ID: 000f

ĂClassicalñ ĂPushñ ĂChannelsñ
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Tracking Usage
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Of course, item recommendations, clusters and models can be calculated via 
classic collaborative approaches.

Events for user behavior (not limited) Typical models (not limited)
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1 Purchasing event

2 Click event

3 Download event

4 Shopping cart event (save, delete)

5 Rating event (depends on rating)

6 Accessing a category page

7 Transfer user profile (login)

Users who bought also bought

Users who clicked also bought

Users who rated also bought

Users who clicked also interested

Users who clicked also clicked



Provide Filters

Recommendations can be filtered with all product-related metadata and online 
behaviour of users.
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Filter

No products the user already purchased

Max. shows of identical recommendations per session 3

Products must belong to the same category (context sensitive)

Recommend only complementary products from other categories (context sensitive)

Exclude products from recommendation (Blacklist) Name of Blacklist upload

Max. age of products in days 90

No top-selling products (top 25)

Product price must be

equal/lower than current product (context sensitive)

similar (+-25%) to current product (context sensitive)

equal/higher than current product (context sensitive)



Creating personalized Recommendations é 

© YOOCHOOSE GmbH

12



The stereotype approach
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Pre-calculated models for recommendation significantly improve engine 
performance in high-end usage scenarios.

1. Stereotypes use the attributes of items 2. Stereotype modeling with usage events

3. Calculation of affinities 4. Recommendation from stereotypes

Item

Cluster

click

buy
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é
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é

Affinity

vector

Stereotype

cluster

Personalized

recommendation
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Personalized Recommendation ïMore Clicks
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Introduce Recommendation 50% more Clicks in A/B-Test*
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Clicks w/o Personalized Recommendations

Additional Clicks with Recommender Engine

+ 51%
More 

Clicks

* Source: A/B-Test with Schwäbische Zeitung Online 

(YOOCHOOSE Newsletter 11/2010)



Impact of personalized recommendations?
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Recommendation Works!
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* Source: Coremetrics 2010 with statistics from Forrester

Å77% of the online shoppers regard 
recommendations as ñuseful to 
very usefulò

Å54% of the online shoppers have 
noticed recommendations that are 
based on their own buying events 
or that of comparable users

Å34% out of these 54% have bought 
recommended products
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Good placement is your key success factor

Scenarios for relevant product recommendations
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* Source: Coremetrics 2010

Landing Page Category Page Product List Product Pre- Shopping Cart

Shopping Cart Order Confirmation E-Mail Call Center Advertising
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What you can expect as a result é

Locations for relevant product recommendations
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* Source: Coremetrics 2010

Landing Page Category Page Product List Product Pre- Shopping Cart

Shopping Cart Order Confirmation E-Mail Call Center Advertising

+ 9,0 %
+ 6,5 % + 1,6 %+ 0,5 % + 1,3 %

+ 0,3 %
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Integration example: wein-konzept.de
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wein-konzept.de
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Magento Module ïTracking
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ÅTracking of click and buy 
events

ÅData contains Product ID 
and/or Category ID

ÅA unique identifier is 
assigned to every user

ÅTransfer of anonymized data 
to recommendation server

Åvia REST


